ZHZNWT F—T L 20 5 /2012.3

=a2—I Ny NU—7 AWK TR X T LADBH%

FLOOD FORECASTING SYSTEM USING ARTIFICIAL NEURAL NETWORK

TEIEZ* - RREERERA * - /NS *E

Masayuki HITOKOTO, Masaaki SAKURABA and Masaru ONODERA

The Artificial Neural Network (ANN) can be used as a robust flood forecasting model
that can be applied to a wide range of river systems. To achieve good prediction accuracy
with the ANN model, it is particularly important to select appropriate inputs and outputs
for the learning data. However, few studies have been conducted to determine appropriate
inputs and outputs. In this study, we used correlation testing to identify the strongest causal
relationships between predictor variables and objective variables. We found that change in
water level is better as an objective variable to determine appropriate inputs than water
level per se. Consequently, we developed the ANN flood prediction model in the Hii-River
in Shimane prefecture, and confirmed good accuracy between observed and predicted flood
water level. Using the ANN flood prediction model, we constructed an MS Excel®-based

handoperated prediction system.
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